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Fig.4 An example of the model framework implemented by the digital intelligent assisted sports training system (restructured according to Fister, 1.,
etc., 2019)
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Personalized Training in the Intelligent Era:
The Application Research Progress of Machine Learning and the Digital Future of
Sports Training

HU Haixu'?, JIN Chengping’

(1. School of Sports Training, Nanjing Sport Institute, Nanjing 210014, China; 2. Jiangsu Sports and Health Engineering
Collaborative Innovation Center, Nanjing 210014, China; 3.Department of Physical Education, Wuhan Technical
University, Wuhan 430070, China )

Abstract: Artificial intelligence is regarded as a new kinetic energy for refinement of targeted and personalized training.
Under the guidance of Integrated Periodization Training mode in particular, it is urgent to establish an application
system of artificial intelligence training methods based on digitalization and networking. However, digital and intelligent
training methods are in the ascendant all over the world. Through systematic literature analysis, the research progress and
characteristics of the application of machine learning algorithms in sports training are explained, and an example of the
application model framework of machine learning in sports training is proposed to bridge the communication between the
community of sports training and the information science, and help domestic artificial intelligence technology, and assist the
research on personalized training generated by domestic artificial intelligence technology. Finally, in order to better grasp the
opportunities and challenges given by the new era, it is proposed: (D Promote digital transformation and realize the innovation
of integrated training paradigm; 2 Create an intelligent system to help upgrade “human-machine collaboration” and targeted
and personalized training; 3 Follow up with the digital frontier, take advantage of black technology for sports training that
intelligently creates digital twins; (4)Realization of the personalized training in the intelligent era faces 3 major problems and
challenges.

Key words: sports training; integrated staging; machine learning; digital coaching; digital twin
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